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ABSTRAK

Faghrizal Bayu Utama / 44190451 / Analisis Komparasi Model Algoritma Long Short-
Tefin Memory dan Regresi Linear Pada Prediksi Harga Saham BBRI Periode 2001 —
20_%2 / Pembimbing: Budi Wasito, S.Kom, M.M., M.Kom.

SPerkembangan teknologi telah memengaruhi dunia investasi, termasuk investasi
2 saliam. Saham Bank Rakyat Indonesia (BRI) menjadi populer di pasar modal Indonesia
“’karena kinerja keuangan yang baik. Namun, investor sering kesulitan dalam memilih
o sallam yang tepat karena kurangnya informasi yang akurat dan efektif. Oleh karena itu,
=diperlukan analisis yang akurat dalam memilih saham yang tepat. Salah satu model
éprediksi adalah model algoritma LSTM yang memanfaatkan teknologi kecerdasan
2 buatan (Al) dan machine learning. Penelitian ini bertujuan untuk membandingkan
—kirterja model algoritma LSTM dengan regresi linear dalam memprediksi harga saham
S BRI periode 2001-2022 untuk mengevaluasi keefektifannya dalam memprediksi harga

Q
@ saham BRI di masa depan.

‘;Data mining merupakan sebuah proses untuk mencari informasi yang berguna dalam
‘@ peflyimpanan yang besar berdasarkan metodologi CRISP-DM (Cross Industry Standard
Process For Data Mining).

uepun-

?}Sumber data dalam penelitian ini adalah data saham BBRI dari tahun 2001-2022.
Peneliti mendapatkan data pada website kaggle.com.

Penelitian ini membandingkan tingkat akurasi prediksi pada algoritma Long Short-
Tem Memory (LSTM) dan Regresi Linear berbasis Python maupun aplikasi Orange.
Hasil komparasi ditentukan berdasarkan skor Root Mean Square Error (RMSE). Hasil
prédiksi disajikan dalam bentuk Graphic User Interface dengan media antarmuka.

Hasil komparasi algoritma prediksi terhadap dua model dalam data mining, maka
medel yang lebih akurat adalah algoritma Regresi Linear pada Python. Hal ini dibuktikan
déngan nilai RMSE yang lebih rendah, yaitu 286.992.

Ki;ta Kunci: Prediksi, Data Mining, RMSE, Long Short-Tern Memory, Regresi
Linear, BBRI, Python, Orange, Saham

il
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ABSTRACT

__Fachri@I Bayu Utama / 44190451 / Analysis of Comparison Between Long Short-Term
CMemoigy (LSTM) Algorithm and Linear Regresison In Predicting BBRI Stock Price For The
2Per10di)f 2001 — 2022 / Advisor: Budi Wasito, S.Kom, M.M., M.Kom.

w bue

= The rapid development of technology has affected the world of investment, including
gstéi‘k iBvestment. Bank Rakyat Indonesia (BRI) stock has become popular in the Indonesian
“éca@nal_market due to its good financial performance. However, investors often struggle to
gc%ose the right stock due to a lack of accurate and effective information. Therefore, accurate
cand effective analysis is needed to select the appropriate stock. One proven effective
3prﬁdlctlve model is the Long Short-Term Memory (LSTM) algorithm that utilizes Artificial
glngelhgence (Al) and machine learning technology. This study aims to compare the
3 ¢tformance of the LSTM algorithm model with linear regression in predicting BRI stock

$pr§es $rom 2001 to 2022 and evaluate its effectiveness in predicting future BRI stock prices.

Q
E @ ZData Mining is a process of finding useful information in large data sets based on the
ngISH:DM (Cross Industry Standard Process for Data Mining) methodology.
% 2 =The data source for this research is BBRI stock data from 2001 to 2022. The
Eresearcher obtained the data from kaggle.com.
% ‘ThlS study compares the prediction accuracy level of the Long Short-Term Memory

e

%(LSTM) algorithm and Linear Regression based on Python and Orange applications. The
ccompatison results are determined based on the Root Mean Square Error (RMSE) score. The
%jpredicti‘on results are presented in a Graphic User Interface with a user interface medium.

S ©The comparison result of the prediction algorithm against two models in data mining

Bshowed that the more accurate model is the Linear Regression algorithm in Python. This is
2evidented by the lower RMSE value of 286.992.

uep u

W

9

oKeywords: Prediction, Data Mining, RMSE, Machine learning, Long Short-Term
éMemory, Linear Regression, BBRI, Python, Orange, Stock
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B
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